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A classification neural network oriented to feature selection

YANG Hai-yan"* ,WEN Yi-ping"*

(1. Department of Computer and Information Scicnec, Fujian University of Technology, Fuzhou 350014, China;

2. College of Information Scicnee and Engincering, Central South University, Changsha 410075, Chinas

3. School of Mathematics and Computer Scicnce, Hunan University of Science and Technology, Xiangtan 411201, China)

Abstract: This paper proposed a new classification neural network, Tt can learn the center vector and
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the connect weight simultaneously. The center vector is the center of classification, and the weight
based on fuzzy membership represents the importance of feature. The features can be selected according
to the final value of the weight, thus solving two major problems in patiern recognition: patlern
classilication and [cature selection, The effcctiveness of this method has been validated by IRIS data.
The results show that the proposed network can select important features from the original features and
maintain quite same performance as using the whole features.

Key words; feature selection;classification;center vector;connection weight
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The application of orthogonal least square method
in 3 dimensional coordinate measure

HU Xue-jun', WANG Jun-liang® ,\WANG Gang*
(1. School of Electrical and Infromation Engincering. Wuhan Institute of Technology . Wuhan 130074, Chinas

2. College of Electronics Infromation. Wuhan University Wuhan 430072 .China)

Abstract: This article describes theory of the orthogonal least square method. The space linear fit
method is introduced via numerical example, which is on the condition of minimization of the square-
sum of the point to line distance. The precision of the two methods are compared in 3 dimensional
coordinate measurc, which indicates that the orthogonal least square method is suitable [or 3
dimensional coordinate measure machine,

Key words: orthogonal least square method;space linear;fit
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