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Improvement on bintree multi-class categorization
algorithm based on SVM

WANG Zhong' ,WANG Chun-li' | LIU-Ii’
(1. Wuhan Tnstitute of Technology , Wuhan 430074 , Ching;
2. Hubei Waler Resources Techaical College, Wihan 430070, China)

Abstract: li5 a hotspot to research on support vector machine that extends from two-class issues to multi-class.
Among all kinds of methods, bintree multi-class text categorization algorithm based on support vector machine is
more effective in training and sorting than others, and it works out the impartibility problem. So it is a4 good
mcthod. The disscriation syslemalically rescarches and analyses bintree mulli-class text calegorizalion algorithm
based on support vector machine, and then has some improvement on it. That is, we assembles firstly, and then
sorts them when the size of testing texts is too large. The aim of this improvement is to make the testing text be
computed more aimable, but does not begin from the base crunode of bintree at all ime . The improvement can
cnhance the effcel of Lexl calegorizalion and make il move accural when the size of Lesling Lexts is (oo large and
the quantity of sorted function is too much .

Key words: support vector machine ; categorization algorithm ;statistical learning theory ; quadratic programming
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