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The application of wavelet neural network on displacement
predicting for high-steep slope

LI Yuan-song' LI Xin-ping® ,DAI Yi-fei’ ,TIAN Chang-gui' ,CHEN Qing-yun'
(1. School of Environmental and Civil Engineering, Wuhan Tnstitute of Technology, Wuhan 430074, China;
2. School of Civil Engineering and Archileclure, Wuhan Universily of Technology, Wuhan 430070, China)

Abstract; In this paper, the wavelet neural network is introduced based on the comment of a few methods often

used to process monitoring data. Subsequently, the internal relations between monitoring data and the wavelet

neural network are discussed. Finally, a displacement predicting model is set up based on wavelet neural

nclwork, With engincering praclice example as background, the displacement of high-sicep slope are processed

and predicted by means of the wavelet BP network. The results show that the predicting value by wavelet BP

network and measuring value fit very well, and these completely satisfy the requirement of engineering

construction monitor and control.

Key words: wavclcl ncural neiwork; high-sicep slope; displacement prediclion
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Reliability assessment of existing bridges
in interval parameters of stochastic model

CNEN Xu-yong' ,FAN Jian-ping’
(1. School of Environmenl and Civil Engineering, Wuhan lnslilule of Technology , Wuhan 430074, China;
2. School of Civil Engineering & Mechanics , Huazhong University of Science and Technology , Wuhan 430074 , China)

Abstract: The paper establishes existing bridge reliability evaluation model of random variable parameters with
interval changes to verify influences of small changes of parameters on reliability evaluation of existing bridge.
Practical projecls show thal small deviation ol random variable paramcters is of great influence on cvaluation
results. To take the 5% deviation accepted by the engineering field as an example, calculation results show that
the max failure probability is 6 248. 8 times of the min failure probability. Therefore, for existing bridge, if the
probability distribution is not clear, reliability evaluation shall not be made based on designed parameters but
reler Lo measured dala. Duc to limitation of funds and measuring methods, it is dillicult 1o oblain cxact
probability distribution functions. Therefore, we suggest using non-probability reliability of interval variables to

evaluate existing bridge.

Key words: the existing bridge; reliability evaluation; random variable; interval variable A L4558 . 25T
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