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Fig. 1 Relational graph of parallax and depth
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Survey of depth estimation algorithm for three-dimensional video
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(School of Electrical & Information Engineering, Wuhan Institute of Technoloy, Wuhan 430205, China)

Abstract: Depth estimation for three-dimensional video methods: local-based algorithms and global-

based algorithms are inlroduced. The advantages and disadvantages of the depth estimation methods are

analyzed, and the related issues to be investigated are discussed.
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