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Table 2 Time-consuming of traditional algorithms and

innovative algorithms
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Tabel 3 P, indicators of traditional algorithms and

innovative algorithms
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Table 4 Stability compared to traditional algorithms and

innovative algorithms

-S54 %
&5 7k 2 093 2 289 426.5
A1) 3 Bk 108. 8 71.2

BB L I FE I IO e ek g 1/20,
VLI AT 50k AR I /D T AL SERE. R I B8
SEER T 28 AL G5 19 1/32135 , B W 4 3 B 1
R PR O T A G 3 k. RIVBIHT 3005 A X T 4%
GERL T = B AE R A PRFFIRFERT.

3.4 EWHER

MR RS AE R AT LA

O TR W 1 BB 3 1 AR W I L AR e ik
.

@ B # Bf 09 A W7 K R Gk e T
I T 5 T R 1) BB B0 32 ol T R A SR T

(O Wi 5 B4 09 AN 7 18 K BB B ik 1 A
SR TTTBT /R e R
4 2 &

AR R BT [R] de JEE 4 7 A7 A 14 () AL
X e G5 A A B 1 A 3 R R R M A 4 ] A
P TR TR R R Y BRI Sk I RA M T
B G R A R A 77 0 1 LU R s AT 0. T
Xt 9 RSN 5 T B 1) BB B ik L T LR B 2
TR B AT A S A 2 A TR 4
. JE I S R W L O BB R L AR e e
EBA W R A RCRIE S ALAEFE R 1 A Tk
PEE AR E M L.

TR PR Y A 9 1 Sk AN AR T AR —
T [ 2 2 IR A R IRl DR L % 3o B 7 P9 A Y 12
AL R AR 35 R O A RO 7 1)

%O

Bt ARAFALER A RAENE
o N s o R U

PN
CE e ¢

[1] YOU Wen, YE Shui-sheng. A survey of collabora-
tive filtering algorithm applied in E-Commerce rec-
ommender system [J]. Computer Technology and

Development, 2006, 16(9). 70-72.



78 BT B 2 i % 36 %

[2] HERLOCKER ] L,KONSTAN ] A, BORCHERS HTLMLL T B R AT, 2013,

A, et al. An algorithmic framework for performing LI Tao . Data mining application and practice: case
collaborative filtering [ C]//Proc of the 22nd Annual analysis of the era of big data [M]. Xiamen: Xiamen
Int. ACM SIGIR Conf on Research and Develop- University Press, 2013. (in Chinese)

ment in Information Retrieval. New York: ACM, (7] E#. TR CEEN R R AmEn U] itE
1999.230-237. LS ECF T/, 2012(4):17-31.

[3] MELVILE P, MOONEY R J, NAGARAJAN R. WANG Yang. Heuristic reduction algorithm based
Content-boosted collaborative filtering for Improved on the properties of correlation [J]. Computer
recommendations [ C]//Proc of the 18th National &.Digital Engineering, 2012(4):17-31. (in Chinese)
Conf on Artificial Intelligence. 2002:187-192. (8] XUk, i ML B 40 - %0 8 32 i i s S g 4 9%

[4] RESNICK P, IACOVOU N, SUCHAK M, et al. [0 AR ML S5 BT 2012(17) : 134-136.
Group lens: An open architecture for collaborative LIU Zhen. New areas of computer applications - data
filtering of net news [ C]// Proc of the ACM CSCW mining prospects and applications inquiry [ J]. Com-
94 Conf on Computer-Supported Cooperative Work, puter CD Software and Application, 2012(17):134-
New York: ACM, 1994. 175-186. 136. (in Chinese)

[5] GHANI R, FANO A. Building Recommender Sys- (9]  Smy, AR B . 8t +2 48 f mi FLT . BN B 2%, 2012,
tems Using a Knowledgebase of Product Semantics 30(3) :54-56.

[EB/OL]J. Http: www. accenture. com/ xdoc/en/ WU Fang. Pei-yi SONG. Data mining applications
services/technology/publications/recommender- [J]. Guizhou Science, 2012, 30 (3):54-56. (in Chi-
ws02. pdf. 2002-10-28/2004-02-16. nese)

(6] Zev. KOz 9 iy B0 T 55 92 3 s i AR Bl 52400 4

Execution of enthusiasts recommendation algorithm

LIN Xue-yun
Fuiqing Branch of Fujian Normal University, Fuqing 350300, China

Abstract: An improved recommendation algorithm was proposed based on matrix model to improve the
computing speed and stability of the traditional algorithms. With the data about the information of
downloaded books for nearly a year by mobile community users. the recommendation efficiency, aver-
age time-consuming and the ratio between data size and time of the proposed algorithm were analyzed
with the comparison of the traditional recommendation algorithms. The analysis results show that the
recommendation efficiency is increased obviously, and the computing speed and the stability of time-
consuming are also improved; moreover, the form of offline calculation is modified in the proposed al-
gorithm, and enthusiast table between different goods is pre-calculated in offline form. The proposed
algorithm can be applied in enthusiast recommendation of product, computing the correlation between
the two items and analyzing the impact of factors such as events.

Keywords: enthusiasts degree; enthusiasts recommendation algorithm; matrix model; data mining; cor-

relation
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