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Method for detecting approximately duplicate database

records in big data environment
YIN Xiu-ye
School of Computer Science and Technology, Zhoukou Normal University, Zhoukou 466001, China

Abstract: The accuracy of the data statistical analysis is affected by approximately duplicated records in
big data environments, so the approximately duplicated records need to be filtered. We introduced the
current research of approximately duplicated records and proposed the weighted attribute idea, weigh-
ting the attributes and grouping them according to the weights. Considering that some field’s relation-
ship is one to one, we proposed synonymous property. We excluded some synonymous property on the
basis of the original dataset to reduce the dataset and improve the efficiency of detection of approximate-
ly duplicated records . Finally synonymous property was proposed. Big datasets were split into a num-
ber of small datasets considering the challenge of approximately duplicated records in big dataset. Tak-
ing full advantage of MapReduce processing mechanism, big datasets were grouped according to the
weight of the larger attribute values, and then divided into a number of map tasks to process. Experi-
ment shows that this method can improve detection efficiency of approximately duplicated records effec-
tively.
Key words: approximately duplicated records; big data; MapReduce; synonymous property
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