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Fig.1 The related variables in Criminisi algorithm
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Fig.2 Comparison of parameter curves of two algorithms
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Fig.3 Comparison of image restoration effects of two algorithms
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Tablel The comparison results of other parameters

of two algorithms

BE MSE PSNR Time/s
Criminisi 2.3 53.51 26.92 27.53
AR 53.46 29.63 15.22
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Image inpainting algorithm combining color vector angle

with entropy of brightness

WU Chang-qin, WANG Ya—jun ,WANG Chuan-an
College of Mathematical and Information, Anhui Science and Technology University, Fengyang 233100, China

Abstract; A new restoration algorithm combining color vector angle with entropy of brightness was proposed

to improve low efficiency in image inpainting. First, we measured the different characteristics of colors in the

images according to the color vector angle, and redefined the calculation priority on the basis of Criminisi al-

gorithm. Then, we calculated the one—dimensional entropy of local average gray values around the inpainting

area, and used the average gray entropy to determine the size of the search area, which could reduce the

search time for the best matching block. The experimental results show that the proposed algorithm has better

restoration and less time consuming than Criminisi algorithms.

Keywords: image inpainting;color vector angle ;entropy of brightness ; Criminisi algorithm
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