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Extraction Method for Land Use Information Based on ZY-3 Image

QIN Zhao ,ZHOU Peng’,YU Jianqgiu ,HAN Rui, WANG Shenlin
School of civil engineering and architecture, Wuhan Institute of Technology, Wuhan 430074, China

Abstract: This study proposes an object-oriented Support Vector Machine (SVM) classification method for land
use extraction towards the high-resolution ZY-3 satellite imagery. Firstly, image segmentation is performed, and
homogeneous pixels are merged as image objects, then the spectral information, texture information, and spatial
property information of the object are extracted, and all the multi-dimension information are used together for
SVM classifier training and finally are used for land use information extraction. Comparing with other methods,
we find that the overall classification accuracy and Kappa coefficient of this method are higher than those of
other methods. By adopting the object-oriented classification and use of multi-dimension information, our
method reflects the characteristics of ground objects more comprehensively. In conclusion, this study could
improve the utilization of China's high-resolution satellite imageries and provide technical support for the status
survey of land use.
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Tab. 1 Attribute information of objects
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Fig. 3 Comparison of land-use classification methods based on domestic ZY-3 satellite remote sensing images:

(a)maximum likelihood, (b)mahalanobis distance, (¢)minimum distance, (d)parallelepiped,

(e)object-oriented classification based on KNN, (f)object-oriented classification based on SVM
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